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Chapter 5

Basic optimal coding in a

segmentation-based coding system

5.1 Introduction

In Part II, the general problem of finding the best representation for an image sequence is
studied. The proposed solutions have been developed in the framework of segmentation-based
coding systems. The focus is set on coding efficiency. The algorithms and methods developed
in this work have been applied to a specific segmentation-based coding system, the so called
SESAME [117, 16].

In Section 2.3 it was pointed out that coding systems decompose the input information
into signal units that are coded separately. These signal units can be mutually dependent or
independent. For instance, the rectangular blocs of a block based still image coder can be
considered independent, in the sense that the way in which a particular unit is coded (i.e.
the coding technique or quantizer choice) does not affect any other units. On the contrary,
in video coding systems using motion compensation, the result of the coding of a particular
signal unit (frame, region or block) depends on the choice of parameters that has been made
in the signal unit used as a past reference for compensation.

To ensure optimality, the operational Rate-Distortion approach described in Section 2.3
has been used. This means that the search for optimality is restricted to a specific system,
instead of the general search for optimality that is done when using the analytical or model
based approach. While this choice is made for practical reasons, this implies that in the
search for optimality the selected framework has a great impact on the performance of the
coding system. This is, a system can be optimal on an operational Rate-Distortion sense and
perform worse than a non-optimal system that uses a different framework [91].

A general solution to the problem of finding an optimal representation for an image se-
quence should take into account interdependencies where they exist. However, this is not
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feasible in most cases because of the extreme complexity of this kind of approaches. Addition-
ally, the delay introduced by this approach would not be acceptable in real time/interactive
applications. In practice, such dependencies are ignored and the problem is tackled as a case
of independent optimization.

In this work, both possibilities have been analyzed. In this chapter, a solution for the
assumption of independent coding will be proposed. Then, Chapter 7 will tackle the problem
of how dependent optimization can be handled in a practical way. A comparison between the
two approaches will be given, in order to show how the increased complexity of the dependent
model trades off for better performance.

Part II is organized as follows: After this introduction, in Section 5.2, a formal description
of the independent optimization problem in its various formulations is given. Moreover, an
algorithm that can deal with this problem is presented.

Then, in Chapter 6, a complete video coding system using the proposed algorithm is pre-
sented. The basic form of the coding system (i.e. without neither scalability nor content-based
functionalities, the main goal being coding efficiency) is described, paying special attention
to the optimization algorithm itself.
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5.2 Problem Formulation

The purpose of this section is to give a formal description of the problem of coding a video
source such that each frame of the sequence has associated a fixed bit-rate or fixed quality.
This problem is analyzed into the framework of segmentation-based video coding systems,
and the purpose is to find the best possible solutions on an operational Rate-Distortion sense.

It is to be noted that, when coding a source (a video source in our case), there is always
a data partitioning step. This is, the coding process does not take the signal as a whole,
but a preliminary decomposition into smaller units is performed. Then, these smaller units
are coded separately. When it comes to decide how to distribute a given bit budget among
these signal units in a optimal way, the particular structure of this decomposition must be
taken into account. It is clear that different coding systems can make different partitionings
of the input source. Additionally, although these signal units are coded separately, this does
not mean that they are independent. In fact, the decisions that are taken in the coding of a
signal unit can affect the coding of other signal units (examples of this statement are motion
compensated coding or pyramidal coding).

Let us examine the encoder framework in order to define properly the problem to be
solved.

• Segmentation-based coding system: As it has been stated before, the problem is
being analyzed into the framework of segmentation-based systems. This means that
the optimization process not only has to find the optimal encoding parameters for each
region, but even the shape of the regions; that is, the structure of the partition itself.
Another important assumption is that regions are the smallest units subject to the
optimization process. That is, the encoder has to be capable of adjusting parameters
separately for each region.

• Cost and distortion: In this work, the strategy followed is to actually encode the
image data in order to compute rate and distortion. Other approaches exist based
on a modelization of the R-D curves [60]. This second approach sacrifices accuracy
for a much lower computational cost. In our work, the coexistence of multiple coding
techniques makes this approach impractical, because the modelization of the R-D curves
for different techniques may not be comparable and may lead to meaningless results.

To compute the cost of each region, the following elements are taken into account: its
texture coefficients, one motion vector, the contour description of the region and some
overhead information (See Section 6.2).

Any additive measure of distortion can be used. Squared error has been used as it gives
good results. Additionally, it is widely used and permits an easy comparison with other
approaches.
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The optimization problem can be tackled in many ways. One is to ensure that each frame
is optimal by itself, this is, without taking into account the influence of the decisions made
in the coding of previous frames. This independent optimization approach can only provide
local optimality, but it is used in practice for simplicity reasons. Another way to solve this
optimization problem is to consider the dependencies introduced by the motion compensation
step. This second approach can improve the coding results at the expense of increasing the
computing complexity.

5.2.1 Independent optimization

In this case the objective is to find an optimal partition and the best distribution of the
available bit budget between the resulting regions, ignoring the temporal and spatial depen-
dencies between different frames that may exist. These dependencies are ignored to limit
the computational complexity of the algorithm. The optimization is carried out within each
frame of the sequence.

Let P be the set of possible partitions that are to be studied for optimality, Q the set
of available texture coding techniques, P ∈ P a given image partition, Q ∈ Q a choice of
techniques/quantizers for each region of the given partition P , R(Q,P ) the number of bits
necessary to code P with quantizers Q, and D(Q,P ) the associated distortion.

Then, the problem to be solved can be stated as:

min
P∈P,Q∈Q

D(Q,P ) where R(Q,P ) ≤ Rbudget (5.1)

This is a complex constrained optimization problem. Using Lagrangian relaxation, it can
be converted to an equivalent unconstrained problem [28, 124]:

min
Q∈Q,P∈P

J(Q,P ) (5.2)

where J represents the Lagrangian cost that results from merging rate and distortion
through the Lagrange multiplier λ ≥ 0.

J(Q,P ) = D(Q,P ) + λR(Q,P ), (5.3)

For a given partition P , this problem can be solved by an iterative fast convex search
algorithm. To find the optimal partition together with the bit allocation, a variation of
the technique discussed in [105] is used [82]. The process is started by computing a set of
hierarchical partitions (Partition Tree), ordered from finer to coarser (see Figure 5.1). The
hierarchy comes from the fact that finer partitions contain the coarser ones, so that a tree-like
structure can be defined with parent-children relationships between regions on consecutive
levels. Then, a dynamic programming algorithm is used to compare the Lagrangian cost of
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each ’father’ region with the cost of its ’children’ regions, and depending on the result, a
decision is made (see Figure 5.1) on whether to keep the father or the children regions.
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Figure 5.1: Partition Tree and local decision

The definition of the optimum λ can be done with a gradient search algorithm. The
algorithm starts with a very high value λU (1020) and a very low value λL (0). For both
values of λ, a local analysis is performed and, for each region in each level, the Lagrangian
J(λ) for each coding technique is computed. In each case, the technique giving the minimum
J(λ) is considered as the optimum one for this region and stored. Then, in order to define
the best partition, a bottom-up local analysis of the Partition Tree is done. Starting from
the lowest level, the Lagrangian of each node is compared with the sum of Lagrangian’s of
the nodes that emanate from it. If the cost of the ‘father’ node is less than or equal to the
sum of the costs of the ‘children’ nodes, the tree is pruned at this level. Otherwise, we look
at the next level. This procedure is applied recursively until all the tree has been analyzed.
The additivity in rate and in distortion is mandatory.

This pruning criterion is shown in figure 5.1. It can be formulated as follows:

prune if (Dchild1 + · · ·+ DchildN
) + λ(Rchild1 + · · ·+ RchildN

) > (Dparent + λRparent) (5.4)

That is, if the Lagrange cost of the ‘father’ node is lower than the sum of Lagrange costs
of the ‘children’ nodes, this node becomes active. Its associated region in the Partition Tree
is selected to belong to the resulting partition. The ‘children’ nodes and all nodes that are
below them are deactivated. If the Lagrange cost of the ‘father’ node is larger than the sum
of Lagrange cost of the ‘children’ nodes, these nodes are marked as active and the ‘father’
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node remains deactivated. In a rate-distortion sense, it is better to split the region and to
code the resulting regions.

This process is performed for both λU and λL. Each value of λ defines a partition and an
associated coding rate R. If RU or RL is equal to the budget, the process ends. Otherwise, a
new value for λ is computed and the process is iterated until a value of λ is found such that
the cost of the resulting partition is less or equal than Rbudget. The algorithm can be stated
as:

• Find λL > λU such that: RT (λL) ≤ Rbudget ≤ RT (λU ).

• Apply the pruning criterion of Eq. 5.4 from full-depth tree to root. An optimal partition
for the current λ is found.

• If R(λL) = Rbudget or R(λU ) = Rbudget the solution is found and the algorithm stops.
Otherwise, a new value of λ is computed:

λn ←
|DT (λL)−DT (λU )|
|RT (λL)−RT (λU )|

(5.5)

if R(λn)leRbudget then λL = λn. Otherwise, λU = λn

The two last steps are iterated until R(λn) = Rbudget or until no further reduction in the
quantity R(λ) − Rbudget is possible. The algorithm converges very fast. Usually, five to ten
iterations are enough to obtain the optimal results. At the end of the algorithm, the result
is a valid partition and the choice of coding techniques for each region that minimizes the
Lagrange cost of the current frame.

The algorithm can also work at constant-quality and variable bit rate. This is, a target
quality value that must be reached with the minimum coding cost. If the Lagrange cost is
defined as J’(λ) = R + λ D, the same optimization algorithm can be used.



Chapter 6

Description of the basic coding

system

The objective of this section is to give an overview of the coding strategy, and to show the
structure and details for the basic version (i.e. without neither scalability nor content-based
functionalities) of the SESAME video coder, which is used to demonstrate the optimization
algorithm proposed in the previous section.

A first version of this algorithm was proposed within the framework of MPEG-4 under
the name of SESAME. A detailed description of the algorithm and of its hardware complexity
can be found in [16].

The basic points to take into account about the basic coding system are:

• It is a segmentation-based system. Segmentation involves both spatial and motion
homogeneity criteria.

• It uses motion compensation for both the texture and the partition in order to obtain
an efficient representation. That is, a prediction for both the partition and the texture
of the current frame is created using the last coded frame and motion information. The
objective is to exploit temporal redundancy.

• The time evolution of each region is defined (time tracking). This will prove to be
essential to properly address content-based functionalities.

• The results are optimal (or near-optimal) for the given framework in a rate-distortion
sense. The definition of the coding strategy involves a global optimization of the parti-
tion as well as of the coding technique/quality level for each region.

The block diagram corresponding to the encoding process is presented in Figure 6.1.
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Figure 6.1: Scheme of the segmentation-based coder

The encoding process relies on three main blocks: Partition block, Decision block and
Coding block.

The Partition block constructs for each frame of the sequence the universe of regions out
of which the Decision block will construct the final partition. This universe of regions is
constructed so that they represent the image with various levels of resolution, from finer to
coarser. The universe of regions has to offer to the Decision block the possibility to introduce
new regions that may appear in the scene or to eliminate past regions that are no longer
needed. For coding efficiency reasons, this set of regions should be related to the partition
of the previous frame. This will be also a key factor to the ability of the algorithm to track
objects.

The Decision block makes the link between the analysis (partition block) and the synthesis
(coding block) parts of the encoder. This block is responsible of determining the optimal (in a
Rate-Distortion sense) bit allocation among the various types of information to be coded and
transmitted (motion, partition, and texture). In a SBCS this involves: a) determining the
optimal partition by selecting regions out of a set of possibilities (provided by the Partition
block) b) selecting the appropriate texture coding technique and quality level (defined by the
quantizer choice) to use in each of the resulting regions.

The Coding block is responsible of encoding the various types of information necessary to
reconstruct the sequence at the decoder, i.e. motion, partition and texture information, as
well as the coding strategy information.

In the sequel, the various processing steps are further explained and discussed.
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6.1 Partition block

The optimization algorithm presented in Section 5.2 follows an operational rate-distortion
approach. This means that the decision algorithm will make a choice among a set of given
possibilities. The objective of the Partition block is to construct a universe of regions, repre-
senting the image with various levels of detail, that will be provided to the Decision block to
be used as a basis to select the final partition. This is an analysis step, involving the search
and the characterization of the features present in the current scene (size and position of
regions, motion).

There are various considerations to be made in the way this set of partitions must be
constructed: In the first place, to improve coding efficiency, the regions must be related to
the ones in the partition of the previous encoded frame. This way, both the partition and
the texture of the current frame can be predicted accurately, using the last coded frame and
motion information. The result is that the cost of coding the compensation error decreases.
In this process, the time evolution of each region along the sequence is defined (time tracking).
This temporal link will enable the algorithm to track objects when dealing with content-based
functionalities. This time evolution is ensured by deriving the universe of regions at time T
from the projected partition, this is, a prediction for the partition at time T constructed by
applying motion information to the partition at time T-1 and adapting the result to the
spatial information in frame T.

To limit the complexity of the Decision process, the set of regions must be of reasonable
size and constructed in a hierarchical way. The size of the universe of regions is mainly a
computational cost consideration, because the cardinality of this set has a high impact on
the processing time of the whole process. The hierarchical structure will enable the decision
algorithm to adequately compare regions at the different resolution levels so that the optimal
trade-off between quality and cost can be globally determined by means of a series of local
decisions (see Figure 5.1).

Another point to take into account is that this universe of regions must enable the decision
algorithm to introduce fluctuations with respect to the projected partition. This is necessary
because in generic sequences new objects can appear at any moment, while some objects may
disappear. Moreover, for coding efficiency reasons, it may be useful to merge regions that
have a similar motion (and thus can be compensated together) to limit the number of regions
and thus avoid the extra cost of additional motion and shared contours.

To meet the above requirements, the approach that has been used is a two steps process,
represented in Figure 6.1 by the Projection and the Partition Tree blocks: First, in the
Projection block, a projected partition is created by applying motion information to the
partition of the previously coded frame #(n-1). This is, the partition of the previous coded
frame is adapted to the data of the current frame. The objective of the projection is to relate
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regions or objects present in the current frame with their references in the previous frame.
The result is a partition for the current frame #(n) (the Projected Partition). This Projected
Partition is the basis for the current frame partition. It provides the time evolution of the
regions in the previous partition, i.e., it tracks the regions over each frame of the sequence.

P
T−1

P
T

^
Projection

Figure 6.2: Example of projection

The projection is performed in two steps. First, motion is estimated between the original
frames IT−1 and IT , using a classical block-matching algorithm, and the previous image and
its partition are motion compensated (IT−1 → ÎT and PT−1 → P̂T ) [119]. Then, the definition
of regions into the current frame is achieved by a 3D watershed algorithm [79] that extends
the compensated past regions (called markers) into the current frame [94]. That is, previous
regions are projected into the current image and are used as markers in order to drive the
segmentation process. In this process, motion information is used in the marker projection
step and spatial information is used in the region growing process that extends the markers
into the current frame. Some areas in the image may not be clearly assigned to one region or
another after the marker projection step. These are called uncertainty areas. Pixels {pi} in
the uncertainty areas are assigned to regions {Rj} in an order defined by a distance function
that takes into account three different types of information: texture, contour complexity and
deformation.

Cost(pi, Rj) = α1distt(pi, Rj) + α2distc(pi, Rj) + α3distd(pi, Rj) (6.1)

where distt measures the difference from the gray level value of pi with respect to the mean
value of Rj , distc is related to the increase in the contour complexity of Rj if pi is assigned
to it, and distd measures the deformation of Rj with respect to the projected marker if pi is
added to it. The use of this cost function provides a good stability of the labels through the
time domain, and therefore allows an efficient tracking of the objects [65].

To avoid problems due to the spatial inhomogeneity in merged regions (with motion homo-
geneity), the projection is carried out using a double partition. This is, instead of projecting
directly the previous partition, the regions in PT−1 are first re-segmented using spatial cri-
teria. This results in a finer partition, PR

T−1, with regions that are spatially homogeneous.
This partition is motion compensated and the result P̂R

T is a fine representation of the current
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image.

This partition has too many regions to be practical as a projected partition, so a merging
step is carried out. Only the contours in P̂R

T that are associated to contours present in PT−1

are preserved. This is done by re-labeling P̂R
T using the fact that the algorithm keeps the

information of the origin in PT−1 of each region in PR
T−1.
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Figure 6.3: Double partition projection process.

However, the projection and re-labeling of the fine partition does not ensure that an actual
partition is obtained. Indeed, unconnected regions may have the same label after re-labeling.
This problem is solved by a cleaning step that consists in keeping the largest connected
component for each label and removing the other components. The pixels of the resulting
uncertainty areas are then assigned to the neighboring regions by means of a 2D watershed
algorithm.

Note that the Projected Partition may not be optimal. Besides, the possibility to introduce
fluctuations with respect to the partition of the previous frame (introducing or eliminating
regions) is severely restricted because the scene is represented at only one resolution level.

This leads to a second step, that consists on constructing a universe of regions out of
this Projected Partition. These regions will be candidates to form the final partition for the
current frame. This universe of regions is created by splitting or merging regions present
in the Projected Partition. Merging is done on a motion similarity basis, and splitting is
performed by re-segmenting this Projected Partition on a spatial basis [97, 82].

The result is a set of hierarchical partitions, called Partition Tree, formed by the Pro-
jected Partition plus a set of partitions that are generated from this Projected Partition (See
Figure 6.4).

The partitions are constructed by means of two different procedures (See Figure 6.5): The
upper levels of the tree, above the projected partition, consist on larger regions. These coarse
partitions are generated by merging regions from the projected partition. The criterion used
to merge regions is motion similarity. The aim is to merge neighboring regions which have
a similar motion and thus can be compensated with the same motion parameters. Merged
regions are more efficient in terms of coding cost, because they require only one set of motion
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Figure 6.4: Partition Tree

parameters, one set of texture parameters, and there are less contours to code. However,
this leads to an increase in the distortion. For the intra-frame mode, the merging of the
upper levels cannot be based on a motion similarity criterion. Instead, a gray level similarity
criterion is used.

Prior to the actual merging, motion is estimated for each region at a given level using a
parametric model [22, 135]. Usually an affine model (defined by a polynomial of order one in
x and y) is used, but it is also possible to use other models (translational or quadratic). The
estimation itself is done by differential methods [120]. The result is a set of parameters that
gives the time evolution of a region from frame T-1 to frame T. A backward estimation is
used. Experimental tests show that for this framework, the affine model is a good compromise
between quality, computing and coding costs.

When estimating the motion for regions in levels above the projected partition, there is
a region correspondence problem that affects the motion estimation process. This is because
these regions are constructed by merging regions in the projected partition. The estimation
process computes the motion parameters for each region by looking for the region in the
previous coded partition (PT−1) with the same label value. In this case, there is more than
one region (and more than one label) in PT−1 related to the region whose motion is being
estimated, and thus, part of the region reference in PT−1 is not used in the estimation, leading
to inaccurate results. This is solved by using a merged version of PT−1 in the estimation (see
Figure 6.6).

Once the motion parameters for a given level are known, a merging cost is computed



6.1. PARTITION BLOCK 61

Partition levels Motion vectors

Merging

R
es

eg
m

en
ta

tio
n

Motion estimation

Residue computation

Simplification

Marker extraction

Decision

M
ot

io
n 

es
tim

at
io

n

M
er

gi
ng

Original
Image

Projected
Partition

Previous
Original

Image

Previous
Partition

Figure 6.5: Construction of the Partition Tree

for every couple of neighboring regions. Then, the couples of neighboring regions with the
smallest merging costs are merged until the required number of regions for the next level are
obtained.

The lower levels of the tree, below the projected partition, are constructed by successively
re-segmenting the projected partition. A constrained morphological segmentation is used to
ensure that the contours of previous regions are preserved [118]. Regions of a given level are
split to produce the regions of the next lower level. Each level has to refine the segmentation
of the previous level by introducing new significant regions. The procedure is purely spatial:
it does not take into account any motion information. As a consequence, the contours of new
objects are based on spatial discontinuities.

The regions in the lower levels can represent new objects appearing in the scene or ob-
jects with several components that have been previously merged together but are starting to
undergo different motions.

Motion parameters estimation is performed for all regions in the tree. These motion
parameters will be used for inter-mode coding of the texture of these regions.
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Figure 6.6: Estimation of the upper levels of the Partition Tree. If the estimation indicated
by (a) is performed, region with label 3 in PT−1 is not used for the estimation/compensation,
resulting in poor accuracy. If estimation indicated by (b) is used, all pixels related with
this regions in PT−1 are merged in one region, and therefore the estimation/compensation is
better.

6.2 Decision: Choice of the partition and coding strategy

The function of the Decision step is to select a set of regions that form a valid partition of
the current frame, and the appropriate texture coders so that the coded image is optimal in
a rate distortion sense (See Figure 6.7).

The fact that the contours of higher levels of the Partition Tree are preserved in the lower
levels allows us to define the regions in the Partition Tree as a hierarchical structure, where
each region in a given level is connected with the regions in the next lower level that originate
from it in a father/children relationship.

6.2.1 Creation of the Decision Tree

The Decision Tree (not to be mistaken for the classification concept that shares the same
name) is a data structure with the same hierarchical structure of the Partition Tree plus
information that will allow to define the coding strategy. Each region of the Partition Tree is
represented by a node in the Decision Tree [107, 82]. The Decision Tree should also convey
the information about the coding cost (Rate) and quality (Distortion) of all possible texture
coding techniques. Every node has associated a list of the rates and distortions that result
from the coding of the corresponding region with each of the available coding choices (See
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Figure 6.7: Decision Process

Figure 6.8).

This structure allows to compare the Lagrangian cost of a region with the sum of the costs
of the branches emanating from that region for a given λ. To preserve the additivity of the
rate and distortion among the levels of the tree, the contours of the parent regions must not
change in the re-segmentation steps.

The texture of each region in each level is coded by all the available coding techniques,
and the resulting rates and distortions are stored in the nodes of the Decision Tree. In this
work, various coding techniques have been used: a shape-adaptive 2-D transform [127, 46], a
generalized orthogonal transform [35], a region based wavelet decomposition [5, 16], and the
gray level average of the regions, which is a special case of the previous techniques. Various
quantization levels are available for each technique.

This approach gives a great flexibility, because if a new coding technique is developed,
it is possible to put it into competition with the previous ones, without modification of the
decision algorithm. All kind of coding techniques appropriated for dealing with regions can
be used. The simultaneous use of various coding techniques can deal efficiently with different
kinds of textures.

The coding depends on whether the current frame is sent on intra-frame or in inter-frame
mode:

• Intra-frame mode: The texture of each region of the current frame is coded separately.
Then, contours are coded by means of a chain-code algorithm.
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Figure 6.8: Construction of the Decision Tree

• Inter-frame mode: For each region in the frame there are two choices: Coding of the
prediction error after motion compensation of the texture of each region, or coding of the
original texture information as in intra-frame mode. While the coding of the prediction
error is generally more efficient, the possibility to code the original texture information
of the region may result in a better coding of new regions appearing in the current
frame. Then, contours are coded by means of a modified chain-code algorithm [74].
Motion-compensation followed by error coding of the contours may result in a further
reduction of the bit-rate [113].

The distortion measure that has been used is the squared error due to its simplicity.
Anyway, any distortion measure that is additive in space can be used. Additivity in space
means that if a region is split, the sum of the distortions of the resulting regions is equal
to the distortion measured on the original region. In the optimization step, to prune the
Decision Tree a comparison is performed between the Lagrange cost of each node and the
sum of Lagrange costs of all its child nodes is. This requires a distortion measure compatible
with this comparison.

The rate is a measure of the global coding cost in bits of each region. For each region,
the total coding cost is the sum of the costs of the texture coefficients, motion parameters (in
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inter-frame mode), and contour of the region. To take into account the effect of the entropy
coder, the cost of texture coding is estimated by measuring the entropy of the coefficients.
The cost of the motion coding is also given by entropy estimation of the model parameters.
The cost of the contour coding is considered to be proportional to the perimeter of the region.
Our tests show that these estimations give a very good approximation of the final costs.

6.2.2 Optimization Algorithm and Decision coding

The optimization algorithm will determine the optimal subtree of the Decision Tree together
with the optimal coding model for each node of the tree. The resulting subtree must define
a valid partition for the current frame. The algorithm approach is based on the Lagrange-
multiplier method. See Section 5.2.1 for the problem formalization and a detailed description
of the optimization algorithm.

The decision process has to decide about :

• The final partition, based on the projection and the Partition Tree.

• The best coding method for each region.

As seen in Section 5.2.1, an iterative approach is used, including both a global optimiza-
tion that uses a convex search algorithm to determine λ∗, as well as a bottom-up dynamic
programming local analysis of the Decision Tree in order to define the best partition.

The result of this decision step is the final partition and the information that will allow
the receiver to know which texture coding technique has been used for each region.

This last information is called Decision in the sequel. It is used by the texture coding and
decoding blocks to know how each region should be processed.

Concerning the first point, the final partition is the partition that has to be coded and
transmitted. In order to help the coding process, the decision also gives some information on
the origin of each region. In fact, the regions belonging to the final partition may come either
from the projected partition (Projected regions), from the levels of the Partition Tree above
the projected partition (Merged regions) or from the levels below the projected partition
(Segmented regions). This piece of information is going to be sent to the receiver for the
following reasons:

In SESAME, the texture-compensation can be done in two modes. One of them (called
”with restriction”) tries to solve the problem of uncovered areas. In this mode, a pixel is com-
pensated only if it belongs at time T and T-1 to regions having the same label. Areas where
no compensation has been performed correspond to uncovered background and a different
prediction (mainly spatial prediction) is used. Now, in order to efficiently use this mode of
compensation, the labels of the final partition should be carefully assigned. For the projected
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regions, the label is simply the label as defined by the projection. The problem arises for
Merged and Segmented regions. Indeed, if we consider that they are all new regions with new
labels, the compensation with restriction will not assign any value for them. As a result, the
texture of Merged and Segmented regions will always be sent in intra mode. To avoid this
situation, SESAME sends Merging orders and Splitting information.

Merging orders are a set of numbers saying to the coder and the decoder the origin at time
T-1 of merged regions at time T. For example, the region X at time T has been created by
the union of the set of regions {xi} at time T-1. Both the emitter and the receiver will apply
the same merging to the regions {xi} of the previously coded partition. From this point, the
texture compensation with restriction will be able to use the pixels of the union of {xi} at
time T-1 to predict pixels of region X at time T.

The Splitting information is not an order that implies some specific transformation. It
simply defines that the set of regions {xi} of the partition at time T comes from the region X
at time T-1. During the texture compensation, pixels coming from X are allowed to predict
pixels of all regions {xi}.

The Merging orders are also useful for the coding of the partition. Indeed, the partition
coding relies on motion compensation. Before motion compensating the previous coded par-
tition, its regions are merged according to the instructions contained in the Merging orders.

Finally, besides being useful for the coding of partition and texture, the Splitting and
Merging information are a way to trace the history of the partition and the transformation
of the regions.

6.3 Optimization of the algorithm for very low bit-rates

In the approach described up to here, every frame of the sequence is given the same bit
budget. This results in frames with variable quality, so problems can arise when working at
very low bit rates. Some frames may have very poor quality (scene changes, complex motion).
To solve this problem, a very simple method can be used to give more bits to the frames with
low quality.

The optimization works basically on a fixed nominal budget, but a minimum quality
threshold is defined. If the coded image defined by the decision step does not reach this
minimum quality, the budget is increased by steps of 5%, and the Decision step is performed
again. This procedure is stopped when the decision has found the optimum strategy:

• The distortion is minimal.

• The budget is at least equal to the nominal budget.

• The signal to noise ratio is everywhere above a given threshold.



6.4. CODING OF THE PARTITION INFORMATION 67

This way, the frame has better quality, and it may be possible to use it for the compen-
sation of the next frame. This improves the prediction of the future frames, so they can be
coded with less bits. The coding budget for each frame is not constant, but the sequence
overall bit rate is very homogeneous, as it will be shown in Section 6.6.

6.4 Coding of the partition information

Partition coding in SESAME involves three different types of information: shape (contour of
the regions), position, and the label of each region. The goals are good accuracy, reduced
coding cost and preservation of the time evolution of the regions to enable tracking.

Although the coding strategy relies on a general approach that does not impose any specific
contour representation, lossless or near lossless techniques are preferred. This is because a)
the human visual system is very sensible to errors in the position of contours, and b) when
coding the contours of partitions with multiple regions, lossy techniques may present problems
in narrow regions, that can lead to changes in the partition topology in the decoding process.

6.4.1 Structure of the partition coding process

To improve the coding efficiency, the coding of the partition relies on motion compensa-
tion [112, 113]. A similar process as the one used for texture is used for partitions, that are
represented with an image of labels. The process is depicted in Figure 6.9.

First, intra regions are encoded (this is, regions that the Decision block has selected for
coding in intra mode). Then, the partition of the previous frame (P ∗

T−1) is compensated using
the motion information computed in the creation of the Partition Tree (a motion vector for
each region, estimated in a backward mode). The result is a prediction for the partition of the
current frame (P̂T ). The prediction error is then computed by comparing this prediction with
the actual partition created in the Decision step. A simplification of the prediction error is
performed before the actual encoding. The resulting encoded partition is stored as a reference
for the coding of future frames (P ∗

T ).

The encoding of intra-frame regions may be done with almost any coding technique (lossy
or lossless). In this implementation, the modified chain code described in [74] has been used
(See Section 6.4.2). Additional information has to be sent to the receiver to determine which
regions are transmitted in intra-frame mode. With this information, a binary mask is created
that will be used in the partition compensation step.

Note that texture and contour motions may not be the same. The motion of pixels
inside a region (texture motion) may not be equivalent to the motion of the region shape.
Only in the case of rigid foreground regions both motions are equivalent. But in the case
of background regions, the modifications in their contours are defined by the motion of the
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Figure 6.9: Motion compensation loop for partition coding

regions in its foreground. In this case, the use of additional information called order [96], that
defines which regions are considered to be in the foreground, transmitted with the motion
parameters, allows to solve the possible problems created by this situation.

The use of texture motion information plus order information is a quite efficient solution
for compensating both texture and partition because the order information necessary to com-
pensate the partition only represents a small amount of information. The reader is referred
to [113, 116] for the detailed description of order estimation algorithms. Although there is the
possibility to use two different sets of motion vectors for texture and contour as in MPEG-
4 [48], the single set plus order information approach is better suited in segmentation-based
systems where the amount of contour information is more important than in the MPEG case.

Once the partition has been compensated, and thus, a prediction of the current partition is
available, inter-frame regions will be encoded. The process starts by computing the prediction
error that can be then simplified, introducing losses in the coding process (See Figure 6.10).
The coding of the simplified prediction error is done in a differential way. Indeed, the receiver
already knows the contours of the compensated partition and therefore, only new contours
have to be sent. Coding techniques similar to the ones used in the coding of intra-frame
regions can be used.

The final step is to send the label of each region of the error partition, by using an
appropriate strategy. The label information has to be restored on the receiver in order to be
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Figure 6.10: Error partition is constructed with the compensated partition comp and the
current partition seg. Only new contours (the ones with the dotted line) are encoded. The
appropriate labels for the error regions a, b and c must be also sent. In this example, the
correct labels are a = 3, b = 4, and c = 2.

able to define and to track the time evolution of the various regions.

6.4.2 Contour coding with Chain Code

Chain Code techniques [30, 116] allow lossless coding of image partitions. Regions are rep-
resented by their boundaries and the coding process consists on tracking and encoding the
boundaries. The process used to encode a partition is:

• Define an appropriate boundary representation. This usually leads to constructing a
’contour’ image.

• Using the fact that two consecutive boundary points in a discrete grid are neighbors,
encode the movements from one contour point to another, starting from a given initial
point (or various), until the complete contour is tracked.

The contour of a given partition can be represented using an hexagonal contour grid [74].
In this case, a one to one relationship between partitions and their boundary representation
can be achieved. In this type of representation, each pair of neighbor pixels in the partition
is separated by a contour grid site. This contour grid site is labeled as active if the associated
pair of pixels have different labels, otherwise it is labeled as inactive.
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This concept is illustrated in the first example of Figure 6.11, where circular and line
segment elements represent sites from the partition and contour grids, respectively.

(a) (b)

Figure 6.11: Relationship between partition and contour grid sites

Encoding of the contours is done by specifying the set of movements necessary to track
the complete set of active contour grid sites. Shape and position information are jointly coded
by introducing the location information in the chain code itself. The neighborhood system is
6-connected and, therefore, there are 6 basic movements. Nevertheless, as a derivative chain
code is used [30], the amount of possible movements reduces to 3: turn right, turn left and
straight ahead (r,l,s) (See Figure 6.12).

Figure 6.12: Movements in a hexagonal grid for DCC.

The intersections of contours are encoded by using triple points. A triple point is a site
in the contour grid that has at least three active neighbor contour sites (See Figure 6.13).
Triple points can be used to locate the initial point of a new contour segment.

Triple points are encoded by introducing a new symbol, say M, in the chain itself. Only a
subset of the triple points are actually necessary to describe the whole set of contours. These
triple points are called active triple points and only active triple points are marked in the
chain by the symbol M.
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(a)
(b)

(c)

(d)

r

l

Figure 6.13: Example of triple points. The ellipses mark the triple points in the example
partition. The right figure shows a detail of a triple point.

Regions that have no contact with other regions do not produce any triple point and have
to be directly addressed by the coordinates of their initial points.

In the inter-frame case, differential coding of the contours is used. That is, as the decoder
already knows the contours that correspond to the compensated partition, only the new
contours have to be sent. The contour segments are encoded by sending the initial point
(always located on already known contours) and the set of movements describing the segment.
Note that it is not necessary to send the ending point. The decoder can detect an end of
segment when an already known contour is reached by the new contour.

6.5 Coding of the texture

Once the partition has been coded, the texture of the resulting regions is encoded by using
the techniques selected by the Decision step. The goal is to encode the texture and color
information inside each region of an image partition.

The images are coded using the reconstructed partition. Inter-frame and intra-frame
region-based coding techniques are used. The motion information computed in the creation
of the Partition Tree is used to compensate the texture of the regions in the previous coded
frame to build a prediction for the current image. In this case, the information to encode
consists in the resulting compensation error (Inter-frame mode). This reduces the coding
cost.

The regions where this prediction is poor or not possible (new regions appearing in the
current frame or regions with motion not handled by the underlying model) are coded by
themselves, without references to previous frames (Intra-frame mode). In this case the infor-
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mation to encode is formed by the original pixel color values.

Motion compensation of the texture is used to build the best possible predicted image so
that the error to be coded is minimal. This process relies on the following data: past and
current partitions, motion information and last coded frame.

To improve the quality of the compensated images, a restricted motion compensation
is used. This means that each pixel is compensated using the motion parameters of its
region only if there is a correspondence between the label the prediction comes from and
the current label. In the areas left empty due to this restriction, the texture is obtained by
extrapolation of the compensated texture in a region by region basis [119]. This is important
for uncovered areas, as only the texture information from the region this area belongs to is
used for extrapolation.

The algorithm flexibility allows the combination of several texture coding region-based
techniques. In this work, four techniques have been used: Shape-adaptive DCT [127, 46],
region-based wavelets [5, 16], approximation onto orthogonal bases [35] and padding [51].

Al these techniques can work in intra- and inter-frame modes, with several levels of quan-
tization for the texture coefficients.
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6.6 Experimental results

Experimental results are presented for different test sequences in QCIF (176 x 144 pixels)
and CIF (352 x 288 pixels) formats. The sequences have been recorded at a frame-rate of
30 Hz except for Dancer at 25 Hz. Only the first frame of these sequences has been coded in
intra-frame mode. The first frame of each sequence can be seen in Figure 6.14.

• Akiyo is a typical ’head and shoulders’ sequence, with small motion and a large static
background.

• Foreman is a sequence with camera zoom, pan and several parts with complex motion,
as well as occlusions and important scene changes.

• News is a sequence with a foreground nearly static and a moving background.

• Weather has a complex but static background that dominates the scene and the fore-
ground motion is low at the beginning of the sequence but increases to the end of the
sequence.

• Mother & daughter has a static background and moderate, low complexity motion at
the foreground.

• Dancer is a composite sequence, with a moving background with new information en-
tering the frame and a foreground with a very complex motion.

Figure 6.14: First frames of the test sequences. From left to right, top to bottom: Akiyo,
Foreman, News, Weather, Mother and daughter and Dancer
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Let us start by an overview of the Partition Tree creation and the Decision algorithm.
Figures 6.15 and 6.16 show the partitions that define the Partition Tree for frames #180 and
149 of Foreman and News sequences respectively, as well as the final partitions found by the
optimization algorithm.

Figure 6.15: Segmentation Tree for frame #180 of the Foreman sequence. Merging levels
are plotted in blue, the projection level in green and re-segmentation levels in purple. The
final partition is represented in red.

In both cases, the partition tree is composed by the projected partition, two merging levels
and two splitting levels. The final partition is represented in the bottom-right image in red
color.

In the example given in Figure 6.15, the derived final partition is very similar to the
projected partition (represented in green color) and thus, the algorithm do succeed to maintain
a high degree of temporal region coherence. The only differences with respect to the projected
partition are in the right part of the image, and are due to new regions necessary to represent
the information entering the scene due to camera pan. In the News sequence, most of the
image is almost static except for a region with strong motion (the screen with the ballerina),
so the optimization algorithm spends most of the available bit budget on this region by
assigning a low value for the texture quantizer. The rest of the regions are almost static
and thus, can be adequately temporally predicted, so they can be given a higher value of the
texture quantizer. In this case, temporal region coherence can only be maintained for the
remaining regions.
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Figure 6.16: Segmentation Tree for frame #147 of the News sequence. Merging levels are
plotted in blue, the projection level in green and re-segmentation levels in purple. The final
partition is represented in red.

Figure 6.17 (a) shows the evolution of PSNR and ’per-frame’ coding cost through all the
frames of the Foreman sequence, encoded at 82 kbps (A) and at 152 kbps (B). Figure 6.17
(b) presents the same results for the Dancer sequence, encoded at 338 kbps (A) and at 542
kbps (B).

Note that the rate is not strictly constant because the set of techniques/quantizers can
not always ensure that an exact optimal solution exists for the constrained problem. In these
cases, the solution selected is the one that gives the bitrate closer to the given budget. Exact
bit allocation could be achieved by choosing always the solution just below the given budget
and feeding the remaining bits to a greedy algorithm. Another simpler and possibly more
useful solution would be to use a buffer at the output of the encoder.

An optimization algorithm aimed at constant quality could be implemented by simply
altering the Lagrangian function to minimize. Instead of this solution, to avoid frames with
low quality, the SESAME encoder allows selecting a minimum quality for the coded frames.
If the available bit-budget for a given frame does not suffice to provide this minimum quality,
it is increased for this frame until the desired quality is reached (See Section 6.3).

The results for the bit allocation among the different types of information (decision, mo-
tion, contour and texture) are summarized on Table 6.1. Information related to the allocation
(that is, technique/quantizer for each region and splitting/merging information) takes usually
around 1% or less of the bitstram. Texture information logically dominates in the bitstream.
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Figure 6.17: Evolution of PSNR and cost per frame along the Foreman and Dancer se-
quences (the same scale is used on left and right axes)
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Sequence Decision Motion Contour Texture Total PSNR
(bits) [dB]

Foreman (qcif) 1.0% 5.8% 17.5% 75.7% 2761.0 27.0

Mother & Daughter (qcif) 1.0% 2.8% 7.1% 89.1% 2294.8 31.1

News (qcif) 0.5% 2.8% 6.5% 90.2% 2142.4 29.0

Weather (qcif) 0.5% 3.6% 8.7% 87.2% 2322.1 25.9

Dancer (cif) 1.0% 8.3% 38.5% 52.2% 13536.9 31.1

Table 6.1: Coding results for different test sequences at 30Hz. (PSNR and cost in bits
averaged per image)

The Decision algorithm adaptively makes different allocations depending on the bit-rate
and the characteristics of the sequence. At low bit rates, the amount of information used
for contour and motion is more significant than at high bit rates. Additionally, in sequences
with complex motion and scene changes motion and contour information are more relevant.
This can be seen by comparing the results for Foreman (complex motion, scene changes) and
Mother & daughter (simpler motion, no scene changes) sequences.

Figure 6.18 compares the performance of SESAME with the MoMuSys implementation of
MPEG-4 [85] and the H.264/AVC Reference Software Encoder, JM 8.2 [15]. H.264 has been
selected because it represents the state of the art for coding efficiency, although has no provi-
sion for content-based functionalities. MPEG-4 is the only established standard with support
for content-based coding. The results show that, in terms of coding efficiency, the H.264
reference encoder is much superior to the other two systems due to its new improvements.
The MoMuSys encoder also provides results superior to SESAME.

The main reason for this difference in raw coding efficiency between the SESAME encoder
and both standard codecs is due to the largest maturity of block-based techniques. Neverthe-
less, it has to be pointed out that the goal of this thesis has been to demonstrate the ability
of an object-based video coding system to provide content-based functionalities rather than
to compete in coding efficiency with the newest standards. In order to improve the coding
efficiency of the SESAME encoder, advanced prediction techniques such as those implemented
in MPEG-4 and H.264 should be implemented. The motion estimation techniques used in
MPEG-4 and H.264 are much more complex and efficient than the one used in our work;
half-pixel or quarter-pixel refinement, advanced prediction, unrestricted search are used in
these schemes to increase the prediction efficiency. In contrast, in this work a simple integer
motion search for regions has been used for the sake of simplicity. Texture coding techniques
are also much simpler than the ones used in MPEG-4 of H.264, without enhancements such
as DC/AC prediction and without the fine tuning present in the mentioned standards.
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Figure 6.18: Comparison of RD performance between SESAME, MoMuSys and JM 8.2
encoders. Values are for the Foreman sequence (QCIF) at 30 Hz. Values of rate and distortion
are per frame averages over 300 frames

This being said, the proposed scheme brings specific features for content-based function-
alities that are not provided by MPEG-4 (and, of course, neither are they by H.264): In
SESAME there is separate syntax in the bitstream, with independent access to shape, mo-
tion and texture fields; motion vectors are region-based, which gives a better representation
of object motion and facilitates object tracking. On the contrary, MPEG-4 is a block-based
method and uses a combined syntax, where data are encoded on a block by block basis, in-
cluding motion and shape information, restricting separate access to the different information
fields, thus difficulting content-based functionalities.

Figures 6.19, 6.20 and 6.21 show the decoded images for various frames along the video
sequences Akiyo, Mother and daughter, News and Weather. The coding artifacts are very
similar to those found in MPEG-4 because the texture coding technique used is a simplified
version of the ’padding’ technique used there. The decision algorithm usually selects partitions
with a low number of regions. In all the examples given in the following examples (QCIF) less
than 10 regions are used, and most of partitions are composed of two of three regions. Often,
there is only one region covering all the frame (see for example the partition in the fourth
row in Figure 6.20). This is because contours are expensive and because the texture coding
techniques being used are better suited for rectangular regions. The algorithm only selects to
introduce arbitrarily shaped regions in the cases where there is motion present and, therefore,
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the quality prediction may be inaccurate. For example, in Figure 6.19, the static background
is never segmented, and regions appear always in the body and head of the anchorwoman.
The same behavior can be observed on the other results presented in Figures 6.21 and 6.20
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Figure 6.19: Akiyo, 10Hz@62kbps, frame #0 (intra) and #60, #120, #180 and #240 (inter)
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Figure 6.20: News, 15Hz@64kbps, frames #0 (intra) and #60, #120, #180 and #240
(inter)
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Figure 6.21: Mother and daughter, 10Hz@64kbps, frames #0, #60, #120, #180 and #240


