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[Johansen, 1997] Johansen, T. A. (1997). On tikhonov regularization, bias and va-
riance in nonlinear system identification. Automatica, 33:441–446.

[Keerthi et al., 1999] Keerthi, S., Shevade, S., Bhattacharyya, C., and Murthy, K.
(1999). Improvements to platt’s smo algorithm for svm classifier design. Technical
Report 99-14, National University of Singapore, Singapore.

[Kressel, 1999] Kressel, U. (1999). Pairwise classification and support vector machi-
nes. In Schölkopf, B., Burges, C., and Smola, A., editors, Advances in Kernel
Methods: Support Vector Learning. MIT Press, Cambridge, MA.

[Kwok, 1999] Kwok, J.-Y. (1999). Moderating the outputs of support vector machine
classifiers. IEEE Transactions on Neural Networks, 10(5):1018–1031.

[MacWillians and Sloane, 1993] MacWillians, F. J. and Sloane, N. J. A. (1993). The
Theory of Error-Correcting Codes. Elsevier Science Publishers B.V., 8th edition.

[Marroquin et al., 1987] Marroquin, J., Mitter, S., and Poggio, T. (1987). Probabilis-
tic solution of ill-posed problems in computational vision. Journal of the American
Statistical Association, 82:76–89.

[Mayoraz and Alpaydin, 1999] Mayoraz, E. and Alpaydin, E. (1999). Support vec-
tor machines for multi-class classification. In Proceedings of the 5th International
Work-Conference on Artificial and Natural Neural Networks IWANN’99, pages
833–842, Alicante, Spain.

[Moreira and Mayoraz, 1998] Moreira, M. and Mayoraz, E. (1998). Improved pair-
wise coupling classification with correcting classifiers. In Nédellec, C. and Rou-
veirol, C., editors, Proceedings of the European Conference on Machine Learning
ECML’98, volume 1398 of Lecture Notes in Artificial Intelligence, pages 160–171,
Chemnitz, Germany. Springer. IDIAP-RR 97-09.
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